One important factor in many macro-level theories of crime is income inequality. Although research generally shows that low levels of neighborhood income are associated with crime, research studies have been less clear on whether income inequality is a robust, independent predictor of crime, particularly in small area studies and few studies have explicitly considered income inequality between neighborhoods, and those that do typically focus on homicide. The current study examines whether within and between-neighborhood income inequality is associated with variation in violent and property crime. We employ geocoded Uniform Crime Report data from the Indianapolis police department and economic and demographic characteristics of the population from the American Community Survey for 2005 to 2009. Consistent with prior research, lower levels of income were associated with higher violent and property crime counts. Within-tract income inequality was also associated with higher UCR violent and property crimes in most models. Results also showed that the ratio of tract income levels to neighboring tracts is associated with variation in crime. Thus, both local and nearby income inequality affect crime. Implications for theory and policy are discussed.
Introduction
The detrimental effects of high levels income inequality have recently become the subject of discussion in national political circles.
1 Yet, the potentially harmful effects of income inequality have been a longstanding concern for crime researchers. A substantial amount of research has examined whether low levels of income in an area are associated with higher crime. 2 These studies typically focus on how poverty and unstable housing or families affect intra-community informal social control and ultimately crime (e.g. Morenoff, Sampson, and Raudenbush 2001; Sampson and Groves 1989; Sampson, Raudenbush, and Earls 1997) . Others (see Hipp 2007) argue that income inequality can also increase crime, though empirical findings have been mixed (for discussions see Ousey and Lee 2013; Patterson 1991 ). In addition, many studies of income inequality and crime have been conducted at large levels of aggregation such as nations (Chamlin and Cochran 2006; Nivette 2011; Pratt and Godsey 2003) , cities (Harer and Steffensmeier 1992; Kovandzic, Vieraitis, and Yeisley 1998; Parker and McCall 1997; Shihadeh and Steffensmeier 1994) or SMSAs (Blau and Blau 1982 ) (see Ousey and Lee 2013 for an overview). Several studies (e.g. Crutchfield 1989; Hipp 2007; Mears and Bhati 2006; Messner and Tardiff 1986; Patterson 1991; Wang and Arnold 2008) , have considered these issues at lower levels of analysis such as neighborhood clusters or census tracts. As elaborated further below, theory and some research evidence suggest that income levels and inequality within neighborhoods affect crime. Boggess and Hipp (2014:7) note that recent research focuses on how the economic conditions of nearby areas may matter for neighborhood crime. Thus, it is 1 The New York Times even has a section of its website devoted to the issues surrounding income inequality.
http://topics.nytimes.com/top/reference/timestopics/subjects/i/income/income_inequality/index.html.
important to also consider between neighborhood income inequality. To date, most studies that have explicitly modeled within and between neighborhood income inequality have focused on homicide and used data from the city of Chicago (e.g. Mears and Bhati, 2006; Morenoff et al, 2001) . In this study, we explore whether and how within and between neighborhood income inequality affect several types of serious crime, controlling for low levels of income. To do this, 
Income Inequality and Crime
There are several theoretical reasons why income inequality and crime may be related (see Hagan and Peterson 1995; Hipp 2007; Ousey and Lee 2013 for discussions). Table 1 ) notes four different potential mechanisms by which general inequality and crime may be related, including social disorganization, relative deprivation, social distance, and routine activities theory. 4 For example, social disorganization theory focuses on the ability to maintain informal social control within a neighborhood. Income inequality may reduce the capacity for community informal social control by adversely affecting family stability, social networks, supervision of youth and what Sampson, Raudenbush, and Earls (1997) refer to as "collective efficacy". Income inequality may also increase social distance between the rich and the poor, reducing the likelihood of social interaction necessary for maintaining informal social control and lead to social and cultural isolation that can create criminogenic cultural 3 Although we focus here on inequality, research generally shows that low levels of income (poverty) and crime are related, though this finding is not universal (see Ousey and Lee 2013; Patterson 1991) . 4 Hipp (2007) adds two additional mechanisms when discussing inter-racial inequality or ethnic heterogeneity, namely consolidated inequality and group threat.
adaptations. 5 Income inequality may also induce feelings of "relative deprivation" for those with fewer resources. 6 From this perspective, crime would likely result from resentment or anger on the part of the "have nots" against the "haves". Finally, routine activities theory suggests that crime occurs when motivated offenders encounter suitable targets in the absence of capable guardians. Inequality could lead to crime by increasing the pressure for the poor to obtain goods and thereby increasing the number of motivated offenders. It could also lead to increased crime by reducing guardianship because those with few resources might be less able to take appropriate security measures. Finally, it may be that inequality increases crime by placing those with few resources near those with greater resources (and therefore goods or people that can be considered suitable targets). Therefore, there are good theoretical reasons to believe that income inequality is related to crime.
Studies with large units of analysis generally show a link between inequality and crime. Pratt and Godsey (2003) , for example, found that income inequality predicted cross-national variation in homicide rates in 46 countries. There have also been several studies at lower levels of aggregation such as cities (Harer and Steffensmeier 1992; Kovandzic, Vieraitis, and Yeisley 1998; Parker and McCall 1997; Shihadeh and Steffensmeier 1994) or SMSAs (Blau and Blau 1982) . For example, Kovandzic, Vieraitis, and Yeisley (1998) found that three separate measures of income inequality and income levels (poverty and unemployment) have independent effects on homicide in a study of 190 large cities in 1990.
For an excellent discussion of modern thinking on culture and crime see Bean 2006. 6 Blau and Blau (1982) argue that inter-racial income inequality may engender anger and resentment and we agree. However, there is no reason to believe that intra-racial income inequality could not also produce a feeling of relative deprivation. We appreciate the suggestion of an anonymous reviewer that this point be clarified. 7 Also at the city-level, Velez, Krivo, and Peterson (2003) examined the effects of black-white gaps in poverty, female headed families, male unemployment, income, percentages of college graduates on the racial gap in homicide offending in 126 central cities in 1990. They found that higher homicide rates for blacks are due to lower rates of income, college graduates and professionals in the work force among Blacks (see also Ulmer, Harris, and Steffensmeier 2012) .
Studies have also examined the effects of income inequality on crime with smaller units of analysis. For two early studies see Messner and Tardiff (1986) who studied 26 identified neighborhoods (somewhat larger than census tracts) in Manhattan, NY and Crutchfield (1989) who studied the effect of poverty and income inequality in Seattle census tracts. Hipp (2007) focused on income inequality in his study of crime in census tracts in 19 cities in 2000.
Controlling for several other factors, he finds that overall and within-race income inequality in a tract are significant predictors of homicide, aggravated assault, and robbery but not burglary or theft. Finally, though the main focus of the study was on examining whether there are non-linear effects of poverty on crime, Hipp and Yates (2011) found that inequality was a significant predictor of violent and property crime (see Table 2 , p.980) in census tracts in 25 cities. Thus, several recent studies suggest that income inequality within a neighborhood affects crime.
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Local and Nearby Income Inequality
As noted above, Hipp (2007) specifies four theories that relate overall income inequality and crime, each operating at potentially distinct geographic levels. Social disorganization and social distance theories are posited to operate primarily within a neighborhood. Routine activities theory is posited to operate "nearby". Thus, routine activities theory would suggest that crime would be higher when those with few resources live in proximity to those with items that can be stolen, as these situations provide more opportunities for motivated offenders and suitable crime targets to come into contact (Hipp 2007) . The "travel to crime" literature suggests that offenders generally stick close to home so "nearby" is more likely to be one's neighborhood 8 Studies at the city level also suggest that poverty and inequality clustering are associated with crime. Stretesky, Shuck, and Hogan (2004) examined the link between the geographic clustering of poverty and violent crime. They found that an index of disadvantage (percent poor, percent female headed households, percent black, percent unemployed) had a stronger effect on homicide in cities with high levels of poverty concentration. Similarly, Hipp (2011) typically operate (see Brantingham 1984, 1993 Morenoff et al. (2001) found that the effects of inequality on homicide were greatest within the neighborhood but extended to areas beyond the neighborhood. Thus, there were fairly substantial effects of concentrated disadvantage in the first order neighbors of the neighborhood and to a much lesser extent the second and third order neighbors. This is a very illuminating study and shows the desirability of considering areas beyond the immediate neighborhood. Similarly, Mears and Bhati (2006) considered the effects of the somewhat broader concept of "resource deprivation" (an index of percent poor, percent female-headed households, percent unemployed, median family income, and median household income) in nearby areas on homicide in 343 Chicago neighborhood clusters (aggregated from census tracts). They found that resource deprivation in nearby areas has a greater effect on homicide in areas that are both spatially proximate and similar in terms of race/ethnic composition. The Mears and Bhati (2006) study suggests that crime is a function of characteristics in nearby areas but does not specifically measure income inequality and focuses only on homicide. Finally, Wang and Arnold (2008) include a measure of "localized income inequality" in their study of homicide for census tracts, neighborhood clusters, and community areas in Chicago. Unfortunately, this measure is included as part of a deprivation index, so it is not possible to determine the independent effect of income inequality in the study. Thus, one question that remains is whether similar effects would be seen with other crimes and in other cities. We believe the theories discussed here are somewhat agnostic on the degree to which inequality would affect violent or property crime, or both. For example, relative deprivation theory might suggest that inequality would produce anger and therefore violent crime (though perhaps not just homicide). However, routine activities theory would suggest that property crimes such as burglary and theft could be increased as well as robbery when inequality leads to more motivated offenders meeting suitable targets. Thus, we argue that a study that considers all types of crime is useful.
In sum, there are good reasons to believe that income levels and inequality within neighborhoods affect crime (see Hipp 2007) . A few studies have considered how income inequality between neighborhoods might matter for crime but they have focused mainly on homicide (Mears and Bhati 2006; Morenoff et al. 2001; Wang and Arnold, 2008) or have included income inequality as part of a broader "disadvantage" measure (Mears and Bhati, 2006; Wang and Arnold, 2008) . The goal of the current study is to focus specifically on income inequality and explore whether and how within and between-neighborhood income inequality affect a variety of serious crimes. In the next section, we discuss the data and methods used in the current study.
DATA AND METHODS
Crime data for this analysis come from Uniform Crime Reports ( 
Income Variables
The present study examines income levels and inequality within and between tracts, specifically: tract mean income, within tract inequality, as measured by the Gini coefficient, and between tract income inequality, as indicated by the ratio of adjacent to tract mean income.
Because there are several measures that could potentially be used to predict the effects of each aspect on crime and prior research has produced mixed findings on the effects of income inequality on crime, we extensively examined several indicators of income levels and inequality to ensure that conclusions drawn are not dependent upon the operationalization of income. For more information on the strategy we used to determine which income variables to include in the models reported here and additional results see Appendix 1.
Level of tract income is measured by the mean household income. Household income was chosen because it is the most inclusive income measure and is most consistent with the primary focus of measuring income inequality by the U.S. Census Bureau (e.g., Persky and Tam 1990; Weinberg 2011) . We chose mean, rather than the median, because it exploits the entire income distribution.
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The Gini coefficient is the most commonly used measure of income inequality (see Jones 
Control Variables
To determine the other variables to include in our analyses, we conducted a survey of several other studies of income inequality (Hipp 2007 (Hipp , 2010 (Hipp , 2011 Hipp and Yates 2011; Kovandzic et al 1998; Mears and Bhati 2006; Morenoff et al 2001) . Although space considerations preclude an extended discussion of this analysis, we concluded that most studies include some indicator of the broad set of empirical indicators we include in our analyses. The specific indicators of these concepts, however, were measured in a variety of ways. So we chose the empirical indicators that we felt best captured the important macro-level factors associated with crime in census tracts.
Disadvantage Index
Following previous research, a disadvantage index is included in the models (Land, McCall and Cohen 1990; Parker and McCall 1999) . Indicators in that index include: percentage of female headed households and percentage of persons in the labor force who are unemployed.
Principal Components Analysis was used to reduce those indicators into one index. The Factor loading on this index is 0.88 and the variation accounted for by the first component is 0.77. It should be noted that income is often included in disadvantage indices. Since we are interested in the independent effect of income, it is not included in the disadvantage index for this analysis.
Stability Index
Previous research also finds a relationship between crime and neighborhood instability (e.g., Wilcox et al. 2004) . Using principal components analysis, a stability index was created that included the percentage of owner-occupied housing units and the percentage of the population that had not moved within five years. The absolute value of the factor loading for this index is 0.92 and the proportion of the variation accounted for by the first component is 0.83.
Adapted Herfindahl Index
Social disorganization theory also focuses on the detrimental effects of ethnic heterogeneity. Therefore, Hipp's (2011) adapted Herfindahl index is used to measure the extent of variation in racial and ethnic makeup of tract population. 13 That index takes the minimum value when all members of the population are the same race or ethnicity, while the maximum value indicates that there is an even distribution across all groups. The formula for the index is:
where pi is the proportion of the population in each of n racial and ethnic groups. Table 1 shows basic descriptive statistics for variables used in the analyses.
Prior studies have shown that socio-economic factors such as those included in the current study are often highly correlated. In addition to the multiple sensitivity analyses 13 The original Herfindahl (or Herfindahl-Hirschmann) index was a measure of homogeneity. Specifically, the index was created to measure market concentration. 14 Note that the adaptation is that the original index is subtracted from one, making it a measure of heterogeneity rather than a measure of homogeneity. 15 Unlike Hipp (2011), we do not include Asians as a separate group because of the small Asian population in Indianapolis.
associated with the specification of income inequality measures reported in the Appendix, we examined the influence of potential multicollinearity. Because it is not possible to directly test for multicollinearity in negative binomial models, we estimated a series ordinary least square (OLS) models that are analogous to the negative binomial modes presented in Tables 2 and 3 .
Understanding that such models are not perfect substitutes for preferred count models, we are able to provide some evidence that multicollinearity is likely not driving our results. Variance inflation factors produced from our OLS models were thoroughly examined and generally do not indicate any issues related to the multicollinearity of independent variables. VIFs values in these models averaged 2.03 and only one variable had a VIF higher than 3 (the disadvantage index had a value of 3.37 with all control variables included). 
Modeling Strategy
Theory and empirical evidence suggest that crime is a function of neighborhood stability (e.g., extent to which the neighborhood experiences high levels of resident mobility), levels of disadvantage (i.e., extent to which residents are disadvantaged) and demographic characteristics of neighborhoods (e.g., racial composition and age of population). In this paper, we focus primarily on the impact of income inequality within and between neighborhoods, measured in a variety of ways. tracts is already included in the model, the addition of the spatial lag of crime could be introducing a degree of endogeneity into the models. Given the high levels of spatial autocorrelation for many of the models and the significance of the spatial lag variable in many of the models, we chose to include the spatial lag in the models reported. Models without the spatial lag produce similar results, with virtually no differences in patterns of significance. The z-scores for the income variables in the models with the spatial lag are lower than those in the models without (in 24 out of 27 cases). Therefore, reporting the results for the models with the spatial lag is the more conservative alternative.
RESULTS
The purpose of this paper is to examine the effect of within and between tract income inequality on violent and property crimes. Table 3 shows the results of identical models to predict aggregated and individual UCR property crimes (burglary, larceny, motor vehicle theft). In all models of table 3, property crime is statistically significantly lower when within-tract income levels are higher. Property crimes (aggregated and individual) are also statistically significantly higher when income inequality (i.e.
the Gini coefficient) within a tract is higher. In addition, aggregated and individual UCR property crime counts are higher when between tract income inequality is higher, particularly when the income levels of adjacent tracts are lower compared to the tract income (as indicated by the ratio of adjacent to tract mean income). Thus, the effects of income levels and inequality within a tract and the ratio of income in adjacent tracts matter for property crime. Tables 2 and 3 . Within tract income inequality (Gini coefficient) is significantly related to higher counts of aggregated and individual UCR violent and property crime counts except homicide. Interestingly, between tract income inequality was a significant predictor of aggregated and individual violent and property crime counts except homicide and robbery.
To illustrate the magnitude of each key variable, Table 4 shows predicted marginal effect of increasing each of the key variables by one standard deviation on the three year count of specific types of crime. The predicted marginal change of those variables was calculated separately while holding all other variables at the mean. For instance, a one standard deviation increase in tract mean income (i.e., $55,874 to $83,686), while holding all other neighborhood characteristics at the mean, is predicted to decrease the average number of homicides (µ= 1.5) by 0.13. Under the same conditions, a one standard deviation increase in mean income is predicted to result in 3.0 fewer rapes (µ=6.7), 22.3 fewer robberies (µ=57.2), and 34 fewer aggravated assaults. (µ=75.2). Within-tract income inequality (the Gini coefficient) was a statistically significant predictor of rape, robbery, and aggravated assault, but not homicide. Increasing within tract inequality (i.e., the tract income Gini coefficient) by one standard deviation from the mean is estimated to increase the number of rapes by 1.6, robberies are predicted increase by 18.6, and aggravated assaults are expected to increase by 9.5. Finally, between-tract income inequality also is not a statistically significant predictor of homicide, but is statistically significant for the other three individual types of violent crimes. Specifically, all types of violent crime are higher when tract income is higher relative to the mean income of adjacent tracts.
When the mean of that ratio (1.13) is increased by one standard deviation (0.33), the estimated result is 0.8 fewer rapes, 5.8 fewer robberies, and 13.7 fewer aggravated assaults. The results for property crime generally mirror those of the violent crime models. For example, racial heterogeneity and the percent of tract residents who are Hispanic are not statistically significant predictors of UCR property crime counts in any model in Table 3 and percentage African American in a tract is only a statistically significant predictor of burglary counts. Tract residential stability is also a significant predictor of aggregated UCR property crime counts and larcenies and vehicle thefts (but not burglaries). And similar to the violent crime models, the disadvantage index is not a significant predictor of tract property crime counts, net of the other variables in the model. Percent of males age 15-24 in a tract is statistically significantly negatively associated with burglaries and vehicle thefts (again surprisingly). The spatial lag variable is significant for burglaries, and vehicle thefts but not aggregated property crimes or larcenies.
Because the results of the effects of income inequality on crime in prior studies have been mixed, we estimated models that captured income levels and inequality, both within and across tracts. Although the models presented in Tables 2 and 3 produce fairly consistent results of the effect of income variables, controlling for a variety of other factors, the results presented here could be dependent on model specification. To test the robustness of these results to model specification, similar models were estimated using ordinary least squares (number of crimes plus one as the dependent variable), negative binomial regression without an exposure variable, and negative binomial regression with area of tract as the exposure variable. We also examined multiple measures of tract income level, intra-tract income inequality, and inter-tract inequality (see Appendix for discussion). The general substantive conclusions one would draw regarding the effects of within and across tract income levels and inequality on crime are consistent, regardless of model specification.
DISCUSSION AND CONCLUSIONS
There has been a longstanding focus on the effects of income inequality on crime, with mixed results (see Ousey and Lee 2013) . Recent research focuses on how aspects of the neighborhood and surrounding areas matter for crime (e.g. Boggess and Hipp 2014) . We noted that there are good theoretical and empirical reasons to consider income inequality within and between neighborhoods. Indeed, several prior studies have considered how inequality in nearby areas affects homicide in Chicago (Mears and Bhati, 2006; Morenoff et al. 2001; Wang and Arnold 2008) . 16 Extant theory does not appear to suggest that the impact of inequality would be limited to homicide, therefore, we examined the effects of within and between neighborhood income inequality on several measures of a variety of serious violent and property crimes, using crime data for census tracts from 2007 to 2009 in Indianapolis. We controlled for low income levels within tracts and perhaps not surprisingly, net of other factors, low income tracts had more 16 Hipp (2007) also explores these issues using a two stage least squares approach. Thus, no empirical estimate of between tract income inequality is reported in the study.
crime. We also found fairly consistent evidence that, net of income levels and other factors, higher within-tract income inequality was associated with higher violent and property crime counts. These findings are generally consistent with similar prior studies of income inequality and crime (e.g. Hipp 2007 , Mears & Bhati 2006 Morenoff et al 2001) . Somewhat surprisingly, however, we did not find strong effects of inequality on homicide in the current study, whereas those studies focused exclusively on homicide.
Because theory suggested that the relative income of the tract and those surrounding it might affect crime, we also investigated whether between-tract income inequality was related to crime. We found evidence across a variety of model specifications and most types of crimes that it was. Specifically, between tract income inequality (i.e. the ratio of mean income to adjacent tract income) predicted crime, net of other factors. The coefficient was negative, which means that tract crime is lower when neighboring tracts have higher income. Interestingly, we did not find that homicide and robberies were predicted by this ratio. This was somewhat surprising
given that several other studies had found an effect of inequality in surrounding areas on homicide (Mears and Bhati, 2006 and Morenoff et al 2001) .
The findings of the current study add to a growing body of research that shows the importance of the characteristics of surrounding neighborhoods for crime. As we noted above, Boggess and Hipp (2014) found that gentrification in nearby areas affects crime in the neighborhood. Though our study was cross-sectional, it also suggests that the economic conditions of nearby areas affect crime. These findings deserve additional research in the future and could have implications for theory. For example, social disorganization theory has been critiqued in the past for treating neighborhoods as freestanding independent entities. The findings of the current study add weight to the idea that both the area and its surroundings matter for crime. Therefore, it would seem that one logical next step for examining social disorganization theory is to consider the embeddedness of the neighborhood in its surroundings.
One intriguing avenue for such efforts comes from a recent paper by Hipp and Boessen (2013) who described a city in terms of "egohoods". So rather than having discrete boundaries, neighborhoods extend in waves outward from the focal location. Though it was beyond the scope of the current paper to incorporate the specific empirical technique, we applaud Hipp and
Boessen's work in attempting to push past the traditional boundary driven approach to thinking about units of analysis and "neighborhood". Of course, Hipp and Boessen's (2013) study also showed the importance of income inequality for predicting crime. Indeed, we argue that our approach for capturing inequality across neighborhoods is consistent with the logic Hipp and Boessen (2013: 315) describe, "one might wish to construct a measure of the difference in the income level of the surrounding buffer and in the income level of the block as one way to capture inequality in the ISE approach." Though we employed census tracts, we compared income in the tract to income in the surrounding tracts as a measure of inequality.
These findings add to the research literature by providing additional evidence that income inequality affect a variety of property and violent crimes, and that both within and between neighborhood income inequality matter for crime. Although not the main focus of this study, we also found that race and ethnicity variables were not consistently associated with tract crime, in multivariate models controlling for income levels and inequality. Indeed, ethnic heterogeneity and the percent Hispanic were unrelated to any crime and percent African American predicted primarily violent crimes. Similarly, other elements of disadvantage (unemployment and female headed households) were not consistent predictors of crime with income included as a separate measure. This pattern of results suggests that income may be the most critical element of socio-economic disadvantage to consider for crime, but this finding should be explored more fully using other data in the future. A measure of residential stability was a fairly robust predictor of violent and property crimes (except homicide and burglary) in the models estimated here, net of controls.
This study is not without its limitations. First, it should be noted that the current study relies on reported crime (which has widely-recognized limitations), and focuses on a single city.
The city of Indianapolis is fairly typical of Midwest large cities and we believe it is a generally appropriate place to conduct research on the relationship between income inequality and crime.
However, generalizing these findings beyond cities of similar size should be done with caution.
The study also focuses on overall inequality rather than within and between race inequality
Another avenue for future research is to consider whether the effects of between neighborhood income inequality vary by race and ethnic composition of the neighborhood and surrounding areas. Prior research (e.g. Harer and Steffensmeier 1992; Hipp 2007; Shihadeh and Steffensmeier 1994) suggests that this is quite likely, so an obvious next step is to examine the effects of inter-racial income inequality within and across census tracts.
In sum, we find that within and between-tract income inequality are fairly robust predictors of several types of serious crime, net of other factors including poverty. These results have some important policy implications. First, both local income levels and inequality matter.
So policies should focus on ways to reduce both poverty and inequality, though as we noted at the outset, there is currently much discussion of inequality in national-level policy circles and real progress is likely to be difficult and slow. Second, local and nearby economic conditions matter for crime. So city planners should consider how development or revitalization efforts are likely to affect the relative mix of incomes in neighborhoods across the city. (Author 2009 ). This study adds to the growing evidence that, in the words of Mears and Bhati (2006) , "no community is an island." Our preferred models include mean household income, the Gini coefficient, and the ratio of adjacent tract income to immediate tract income. However, given the mixed results of previous studies, we acknowledge and are sensitive to the possibility that the misspecification of income inequality measures may affect our conclusions. We examined multiple models using different measures of income level and within and between tract inequality to determine the extent to which our preferred operationalization of income inequality affects outcomes, and ultimately our conclusions. Each income measure was replaced in the base model one at a time, while all other variables in the models remained the same (see Table 2 for base model). For instance, in one model, mean tract income was replaced with mean log income in the base model. In another model, median tract income was included as the measure for income level. A total of 10 models with replacements were considered. Table 1a summarizes the results for each of the models and the relationship between each measure and total violent and property crime counts. Results for all other variables are suppressed and available upon request. Specifically, Table 1a shows the sign (i.e., directionality) and significance of the variables of interest.
TABLE 1a here
As shown, the fit of each model is generally consistent. There is little variation in the model log likelihoods and Chi 2 statistics. The sign of each coefficient is consistent across all models. All measures of tract income level and adjacent tract variation are negatively related to violent and property crimes. With the exception of the coefficient of variation of log income, within tract inequality measures are consistently positively related to violent and property crimes at p<0.01. 
